


About this paper
This  paper  asks  what  happens  to  coaching judgement  when AI
tools begin to make, or propose, the decisions that coaches have al-
ways made for themselves. It is written for coach developers, heads
of coaching, club and governing body leaders, and the designers of
coaching  software,  all  of  whom  will  shape  how  chat-based  AI
enters everyday coaching over the next few seasons. Its focus is the
coach and the long-run health of a coaching workforce. The ath-
lete appears mainly through the coach's decisions.

Within the Athleet.AI Working Papers, it carries the strand's single
argument into the coach's own development. Earlier work in the
strand treats athletic progress as non-linear, human and develop-
mental, and warns against tools that flatten it. The same argument
applies one level up, because coaching expertise is itself a develop-
mental  achievement,  built  slowly  through  decisions  made,  con-
sequences observed and adjustments tried. A tool that takes over
those  decisions  may help  the  athlete  in  front  of  the  coach this
week while weakening the coach who will stand in front of ath-
letes for the next 20 years.

Editorial balance.Roughly two fifths of the paper reports evid-
ence from coaching science and from human factors research on
automation,  about  a  third  is  analysis  that  carries  that  evidence
across into AI-assisted coaching (an analogy I mark as such), and
the  remainder  sets  out  my own proposed  principles,  which  are
offered for testing and have not been tested.

H O W  T O  R E A D  T H E  E V I D E N C E  TA G S

Every substantive claim carries a tag stating what
kind of evidence supports it. Two tags are com-
bined where a claim rests on both.

PEER-REVIEWED  A primary study in a peer-reviewed
journal.

REVIEW  A systematic review, meta-analysis or narrative
review.

CONSENSUS  A governing body position, consensus
statement or official guidance.

PREPRINT  A working paper or preprint not yet peer
reviewed.

INDUSTRY  A company announcement, press report or
industry source.

SCHOLARLY  A scholarly book, edited volume or law
journal article.

PRACTICE  Practitioner opinion, including the author's
own.

EVIDENCE GAP  The available evidence does not answer
the question.

ATHLEET.AI  The author's own framework or analysis,
proposed rather than proven.
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A  N O T E  F R O M  T H E  A U T H O R

Why the planning hour matters

I have spent a good many winter evenings writing training sessions that did not work. Some were too hard,
some were pitched at an athlete who existed only in my head, and a few were simply badly ordered. Almost
everything I now know about planning I learned from those failures, and from the slower business of watching
an athlete respond over weeks and asking myself why the plan and the athlete had parted company.

That is the experience I kept returning to when chat-based AI arrived in the coaching conversations I am part
of this winter. Coaches I respect were pasting questions into ChatGPT and getting back plausible, tidy, week-by-
week programmes in seconds. My first reaction was admiration for the fluency. My second, which has lasted
longer, was a question about the evening hours those coaches would no longer spend. Nobody tells you, when
you start coaching, that the planning hour is where much of your judgement gets built, because it does not feel
like learning at the time. It feels like homework.

I also advise organisations on how they adopt technology, and I have seen enough automation projects to know
that the benefits arrive quickly and the costs arrive late, usually in the form of people who can no longer do the
thing the system was bought to help with. Sport has little research on this yet. Aviation, process control and
medicine have a great deal, and I think coaching should borrow from them before the habits set.

None of this makes me against the tools. I use them, and I expect to use them more. My concern is narrower,
and it is about who is holding the tool and at what point in their own development. This paper is my attempt to
set that concern out carefully enough that others can test it and, where it is wrong, correct it.

Paul Forrest
Founder, Athleet.AI
27 February 2023
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T W O  P A G E S  T H AT  C I R C U L AT E  O N  T H E I R  O W N

Executive summary

Chat-based AI can now draft a coherent training plan in seconds, and coaches are
already using it. The risk is that the tool removes the decisions through which
coaches become expert, so the design question is who is using it and at what stage
of their own development, and that answer should limit what the tool is allowed to
decide.

Coaching science describes expertise  as  contextual,  relational  and heavily  tacit,  built  through repeated de-
cisions whose consequences a coach sees in real athletes. Human factors research has shown for four decades
that automation which takes over a task can leave its operator less able to perform or supervise that task. Put
together, these literatures suggest that AI decision support will affect experienced and developing coaches in
opposite ways. Sport, as far as I can tell, measures neither effect yet.
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1
Expert coaching rests on knowledge that
coaches struggle to put into words.

Nash and Collins argue that expert coaches rely on
tacit knowledge built from experience, and that much
of it resists articulation.1 PEER-REVIEWED  Côté and Gil-
bert define effectiveness as the integrated use of pro-
fessional, interpersonal and intrapersonal knowledge
in a specific context.2 PEER-REVIEWED  A text model
sees only the written part of coaching.

2
Coaching judgement is learned through de-
cisions and their consequences.

Research on intuitive expertise indicates that reliable
intuition forms only where the environment is regular
enough to learn and where practice brings feedback.3

PEER-REVIEWED  Work on professional judgement in
coaching places the decision itself, made in interac-
tion with learners and conditions, at the centre of
practice.4 PEER-REVIEWED

3
Automation research predicts that handing over
decisions can erode the skill needed to overrule
them.

Bainbridge set out how automating a task leaves op-
erators out of practice for the moments when they
must take over.5 PEER-REVIEWED  Experimental work
links automated decision aids to lower situation
awareness and slower recovery when the aid fails.6

PEER-REVIEWED  No study has yet tested this in coach-
ing. The transfer therefore rests on analogy. 

EVIDENCE GAP

4
The same tool may help an experienced coach
and hinder a developing one.

An expert can use a drafted plan as a prompt and re-
ject what does not fit, while a novice may have no
basis for rejection. Complacency and automation bias
have been found in experts as well as novices, so ex-
perience reduces the risk without removing it.7

REVIEW PRACTICE

5
Chat-based advice is moving into tools coaches
already carry.

ChatGPT opened as a free research preview on 30
November 2022, and in the week of 6 February 2023
Microsoft and Google both announced chat-based
search.8,9,10 INDUSTRY  The sports and exercise medi-
cine literature has already begun to debate what such
tools mean for its own work.11 PRACTICE

6
Coach education has not yet decided where AI
belongs.

Coaching in England relies heavily on volunteers, the
workforce the national coaching plan sets out to sup-
port, and they have the least time and the most to gain
from a quick plan.12 CONSENSUS  I have found no pub-
lished guidance on AI in coach qualifications. 

EVIDENCE GAP

What follows for a club or governing body

Clubs and governing bodies do not need to ban AI planning tools, and they would struggle to enforce a ban if
they tried. They do need to decide, deliberately and soon, how such tools fit their coach development pathways.
I propose that tools used by coaches in formation should show their reasoning, invite challenge and leave the
final decision with the coach, and that the amount a tool decides should rise with the judgement the coach has
shown.

Governing bodies should add AI use to coach education as a taught and assessed topic, and should keep AI-gen-
erated plans out of the assessed planning tasks through which early judgement is formed. Clubs should ask a
plain question of every AI-assisted plan a volunteer uses with young athletes, namely who checked it and on
what basis, and should record the answer.

AT H L E E T. A I  WO R K I N G  PA P E R  S E R I E S E X E C U T I V E  S U M M A RY

The Coach in the Loop · Paper two of six 7



P A R T  O N E

Expertise and the arrival of the
tool

Why the question is new and what coaching expertise actually consists of.



C H A P T E R  O N E

A plan on a rainy Tuesday
A chatbot can now write a sensible-looking training plan faster than
a coach can find a pen. This chapter sets out why that changes the
question sport should be asking about AI.

The public debate about AI in sport has mostly concerned what systems can measure
and predict, from load and injury risk to talent and tactics. That debate matters, but it
tends to treat the coach as the recipient of a better number. Chat-based AI changes
the picture, because as well as supplying information it drafts the plan, which is the
coach's own product. It does so in fluent prose that invites acceptance.

1.1 The plan arrives

I L L U S T R AT I V E  S C E N A R I O

The Tuesday session

A volunteer coach at a community athletics club (an invented composite, not a real
person or club) has 40 minutes before a Tuesday session with a mixed group of ath-
letes aged 13 and 14. It is raining, the usual lead coach is away, and the plan she was
sent has not arrived. She types a request into a chatbot on her phone asking for a wet-
weather sprint and conditioning session for young teenagers. Within seconds she has
a warm-up, three drills, a set of hill repetitions and a cool-down, each with timings
and coaching points. The session looks professional. She runs it. Two athletes who re-
turned from growth-related knee pain last month complete the hill repetitions with
the rest, because nothing in the plan or in her own experience prompted her to adjust
it. Nobody is hurt that night. She saves the chat and uses the same approach the fol-
lowing week.

Nothing in the scenario is dramatic, and that is the point of it. The coach did some-
thing sensible under pressure, and the tool performed as designed. What did not hap-
pen is harder to see. She did not plan the session herself, so she did not rehearse the
questions a planning coach learns to ask about who is in the group, what they did last
week and which of them needs something different. The plan carried no trace of its
assumptions,  and she had no prompt to supply the knowledge that only she held
about those two athletes.

1.2 Why the question is new

OpenAI released ChatGPT as a free research preview on 30 November 2022, and its
own release note warned that the model sometimes gives answers that sound plaus-
ible but are wrong.8 INDUSTRY  In the week of 6 February 2023, Microsoft opened a
limited preview of a chat-enabled Bing and Google announced Bard for trusted test-
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ers, with wider access promised in the coming weeks.9,10 INDUSTRY  Taken together,
these announcements suggest that chat-based advice is heading into the search tools
that coaches already use between sessions. The coach's phone is where it will arrive.

In the weeks since, I have seen coaches and athletes share AI-generated training plans
openly on social media and in coaching groups, often with approval and sometimes
with amusement at the errors. PRACTICE  The research community in sport is moving
too. An editorial in BMJ Open Sport and Exercise Medicine, published on 16 February
2023, used ChatGPT to generate manuscript text and tested whether an AI text detect-
or could identify it, as a way into the question of what such tools mean for the field.11

PRACTICE  That debate concerns authorship and research integrity. The question for
coaching is different in kind, since it concerns what happens to the person whose job
the tool partly performs.

1.3 What this paper argues

Coaching expertise is built by making decisions, seeing their consequences in a real
athlete, and adjusting. An AI tool that makes the planning decision short-circuits that
loop. For an experienced coach, AI can extend attention across a large group and free
time for the relational work that athletes value. For a developing coach, the same tool
can remove the practice that builds expertise in the first place. My claim is that the
design and governance of these tools should turn on the user's stage of development,
and that the amount a tool is allowed to decide should be set accordingly.

The argument proceeds in three parts. The first sets out what coaching science says
expertise is. The second maps where AI can enter the coaching process and weighs
the case for augmentation against the case for erosion, including what changes in the
coach-athlete relationship and in coach education. The third proposes design prin-
ciples and closes with open questions, several of which the available evidence cannot
yet answer.
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TAC I T  K N O W L E D G E

Tacit knowledge is knowledge a
practitioner uses without being
able to state it fully. In coaching
it includes reading an athlete's
mood, sensing when a session
has gone flat and knowing
which instruction a particular
child will hear.

C H A P T E R  T W O

What coaching expertise is
Coaching science has spent two decades describing expertise as tacit,
contextual and relational. Each of those properties bears directly on
what an AI tool can and cannot take over.

Any claim that AI will augment or erode coaching expertise depends on an account of
what that expertise consists of. Coaching science offers a reasonably consistent one,
and it is less flattering to text-generating tools than the fluency of their output sug-
gests.

2.1 Knowledge that resists being written down

Nash and Collins asked whether expert coaching is better understood as science or as
art,  and argued that  much of  what  expert  coaches know is  tacit,  meaning that  it
guides their decisions without being easily put into words.1 PEER-REVIEWED  Coaches in
this account often describe their decisions as intuitive or as a feel for the situation,
and the  authors  suggest  that  this  intuition  rests  on  accumulated  experience.  The
practical consequence they draw is that coach education cannot rely on transmitting
explicit rules alone.

Kahneman and Klein, writing from two traditions that had long disagreed about ex-
pert intuition, reached a shared position on when intuitive judgement can be trusted.
3 PEER-REVIEWED  They concluded that skilled intuition develops where the environ-
ment has enough regularity to be learned and where the person has had prolonged
practice with timely feedback. Coaching partly meets those conditions. The same ath-
lete responds to the same kind of session in broadly similar ways across a season, and
the coach sees the response, although the feedback is often delayed, noisy and con-
founded by growth, school, sleep and mood.

Two things follow for AI. A language model learns from text, and the tacit part of
coaching is by definition the part that is thinly represented in text. More importantly
for this paper, if coaching intuition is formed through practice with feedback, then
whatever removes the practice also removes the formation. The first point limits what
the tool can know. The second concerns what the coach may never come to know.

2.2 Effectiveness as a situated achievement

Côté and Gilbert proposed an integrative definition of coaching effectiveness that has
become a common reference point in coach education.2 PEER-REVIEWED  In their ac-
count, effective coaching is the consistent application of professional, interpersonal
and intrapersonal knowledge to improve athletes' competence, confidence, connec-
tion and character, within a specific coaching context. The definition places context
inside the concept. A session that is effective for an under-12 development group may
be ineffective for a senior performance squad, and a plan that is sound in general can
be poor for a particular group on a particular night.
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Lyle's earlier framework treats coaching as a process, a planned and coordinated set
of  activities  extending  over  time,  and  distinguishes  the  demands  of  participation
coaching from those of performance coaching.13 SCHOLARLY  The process view matters
here because it treats a plan as one moment in a longer cycle of observation, interven-
tion, monitoring and revision. A tool that produces the plan in isolation produces the
most visible product of that cycle while leaving the cycle itself unsupported. The cycle
is where the learning happens.

Several of the sources reviewed in this chapter are conceptual papers, which argue
from experience and from other literatures,  and the empirical base under them is
thinner than their influence in coach education might suggest. EVIDENCE GAP  I rely on
them because they are the best account available and because their central claims are
consistent with each other and with the wider research on expertise. Readers who
doubt it will find what follows weaker.

2.3 Judgement and decision making

A third strand treats coaching as professional judgement and decision making. Mar-
tindale and Collins, working first in applied sport psychology, argued that a practi-
tioner's decisions should be judged against an explicitly stated intention for impact,
so that the reason behind an intervention can be examined as well as the intervention
itself.14 PEER-REVIEWED  Collins and Collins carried the approach into adventure sports
coaching and described judgement that emerges through interaction with learners
and with a changing environment, combining deliberate planning with adjustment in
the moment.4 PEER-REVIEWED

Abraham and Collins had earlier made the case that coaching science should study
how coaches actually decide, drawing on decision-making research, and should treat
coaching behaviour as the visible output of those decisions.15 PEER-REVIEWED  That em-
phasis on decision-making gives this paper its central concern. If expertise lives in the
quality of decisions, and if AI tools increasingly make or pre-empt those decisions,
then the question of what AI does to coaching is at root a question about who is de-
ciding.

Coaching expertise is formed in the gap between a plan and an athlete. The
literature reviewed here converges on a picture of expertise built through re-
peated decisions, taken in context, whose consequences the coach observes
and learns from. Any tool that closes that gap on the coach's behalf deserves
scrutiny for what it removes from the coach's learning as well as for what it
adds to the athlete's session.
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P A R T  T W O

Where AI enters and what it
changes

A map of AI roles in the coaching process, the case for augmentation and the
case for erosion.



C H A P T E R  T H R E E

Four roles for AI in the coaching
process
AI can enter coaching as a reference, an adviser, a co-planner or a
substitute. The same software can play any of these roles, depending
on how a coach uses it.

Discussion of AI in coaching tends to treat the tool as a single thing. In practice the ef-
fect depends on which decisions the tool touches and how far it goes in making them.
Human factors research,  which has studied automation in cockpits,  control rooms
and hospital wards for several decades, offers a useful way of separating these ques-
tions from one another.

3.1 Borrowing a map from automation research

Parasuraman,  Sheridan and Wickens  proposed that  automation can apply  to  four
broad functions, namely acquiring information, analysing it, selecting a decision or
action, and implementing that action, and that each function can be automated to a
different degree.16 PEER-REVIEWED  Their model was built for systems such as air traffic
control, and its central insight transfers readily. Automating information gathering
has  different  consequences  from  automating  the  choice  itself,  and  designers  can
choose a level for each function separately.

The coaching process  described by Lyle  maps onto these functions without  much
strain.13 SCHOLARLY  A coach gathers information about athletes, interprets it, chooses
a plan and then delivers it in person. Chat-based tools currently act mostly on the
second and third functions, and they are least able to act on the fourth, since delivery
remains a human activity in a physical place. That leaves the choice of plan, which is
the function most closely tied to judgement, as the one most exposed.

3.2 Reference, adviser, co-planner, substitute

I distinguish four roles that an AI tool can play in the planning decision. ATHLEET.AI

They sit on a gradient of how much of the decision the tool takes, and the gradient is
set as much by the coach's behaviour as by the software.

Role What the tool does
Where the decision
sits

Main risk

Reference Answers factual questions
about exercises, loads or
rules

Wholly with the
coach

Plausible but wrong
answers

Adviser Comments on a plan the
coach has drafted

With the coach,
informed by the tool

Over-deference to fluent
critique

Co-
planner

Drafts options that the coach
adapts

Shared, with the
coach editing

Anchoring on the first
draft
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Role What the tool does
Where the decision
sits

Main risk

Substitute Produces the plan that is
delivered unchanged

With the tool in
practice

Loss of judgement and
of accountability

TABLE 1  Four roles for AI in the planning decision, ordered by how much of the decision the tool
takes. Source: author's framework, drawing on Parasuraman, Sheridan and Wickens (2000).

The volunteer  in  the  opening scenario  used a  general  chatbot  as  a  substitute,  al-
though nothing in the software required her to. A more experienced coach might have
used the identical output as a co-planner, striking out the hill repetitions for the two
returning athletes within a minute of reading it. The software is the same in both
cases. What differs is the knowledge each user brings to it.

The role can also shift within a single coach from week to week. A coach who begins
by asking a tool to critique a draft may, on a busy week, accept its redraft unchanged
and slide from adviser to substitute without noticing. That drift is the practical form
of the complacency described in the next chapter, and it is hard to see from the inside
because each individual step feels reasonable. PRACTICE

Reference

Answers questions

coach decides

Adviser

Critiques the coach's draft

coach decides

Co-planner

Drafts options

coach edits

Substitute

Writes the plan

coach delivers it

FIGURE 1  The same tool can occupy any of four roles, depending on its user. Source: author's
framework.

This role-based view has a practical merit for clubs. It directs attention to how tools
are used, which is where both the benefit and the risk sit.
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C H A P T E R  F O U R

Augmentation and erosion
For an experienced coach, AI can extend attention and free time for
the relationship. For a developing coach, it can remove the practice
that builds judgement.

The two cases are often presented as opposing forecasts, with one camp predicting
better  coaching  and  the  other  worse.  I  think  both  are  true  at  once,  for  different
coaches.

4.1 The augmentation case

Coaches of large groups face a problem of attention. A volunteer running a session for
30 children cannot individualise much, and a performance coach with a full squad
has limited hours for planning and monitoring. An AI tool that drafts sessions, sum-
marises  training  notes  or  suggests  progressions  could  return  time  to  the  coach.

PRACTICE

Where that time goes matters. Jowett's model describes the coach-athlete relationship
in terms of closeness, commitment and complementarity, together with co-orienta-
tion, meaning the degree to which coach and athlete share an understanding of each
other.17 SCHOLARLY  None of these can be delegated to software. If AI takes over some
of the written planning and the coach spends the saved time talking with athletes,
watching them closely and adjusting the session in person, the relationship may be-
nefit.  That  is  my  inference,  and  I  know  of  no  study  in  sport  that  has  tested  it.

EVIDENCE GAP

The augmentation case is strongest for the experienced coach. Such a coach already
holds the tacit  knowledge the tool  lacks,  and can read a drafted plan quickly,  see
where it misfits the group and repair it, so the tool works as an extension of existing
judgement. Kahneman and Klein's account suggests why this coach can be trusted to
overrule the tool, since their intuitions have been formed through long practice with
feedback in a reasonably regular environment.3 PEER-REVIEWED

The adviser role may suit experienced coaches best of all. A coach who drafts a block
and then asks a tool to find weaknesses in it, such as a missing recovery day or an ab-
rupt rise in volume, gets a second reader at no cost and keeps the decision entirely.
Used that way, the tool plays something like the part of a colleague looking over a
plan, a part that many volunteer and part-time coaches rarely have anyone to fill. I
think this is the most promising use in the near term, although I hold that view on
the basis of practice and argument alone. PRACTICE

4.2 The erosion case

Bainbridge's short paper on the ironies of automation made an argument that has
held  up  for  four  decades.5 PEER-REVIEWED  Designers  automate  the  tasks  they  can,
which leaves the human operator with the tasks that could not be automated plus the
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B Y  A N A LO GY

None of these studies involved
coaches. The transfer from
control rooms and cockpits to a
sports field is my own infer-
ence, and it should be tested
before it is treated as a finding.

job of monitoring the system and taking over when it fails. Yet an operator who rarely
performs the task loses the skill, and an operator who has only ever monitored may
never acquire it. The irony is that automation makes the human contribution harder
at the moment it becomes necessary.

Later experimental work gave the argument a mechanism. Endsley and Kiris studied
operators working with an expert system on a navigation task and found that reduced
situation awareness under automation accompanied slower decisions when the sys-
tem failed, attributing the loss mainly to a shift from active to passive processing.6

PEER-REVIEWED  They also reported that the level of control left to the operator moder-
ated the loss, which is encouraging for design because it implies the effect can be re-
duced. Parasuraman and Manzey reviewed the related phenomena of complacency
and automation bias,  in  which people  under-check automated output  or  follow it
against other evidence, and concluded that these effects appear in experts as well as
novices and are not reliably removed by training alone.7 REVIEW

Carried into coaching, the argument is uncomfortable. A coach who routinely accepts
AI plans is  placed in the monitoring role  Bainbridge described.  When the plan is
wrong for a particular athlete, as it was for the two returning athletes in the scenario,
the coach must notice and intervene. That demands the planning judgement the tool
has been doing for them. PRACTICE

4.3 The developing coach

The erosion case bears hardest on coaches who are still forming their judgement. An
experienced coach who hands planning to a tool may lose some fluency over time, but
has a store of experience to draw on. A new coach who plans with AI from the start
may never build that store, because the practice with feedback that Kahneman and
Klein identify as the condition for skilled intuition has been bypassed.3 PEER-REVIEWED

The coach still sees the athlete respond, but has not made the decision whose con-
sequence they are watching, and so has little to learn from the outcome. My own view
is that this is the most serious long-run risk AI poses to coaching, and it is also the
least visible, since it would show only years later in a workforce that plans compet-
ently with a tool and poorly without one.

1 Decide The coach chooses a session for a known group.

2 Deliver The coach runs it and watches the athletes
respond.

3 Compare The coach sets the response against what they
expected.

4 Adjust The coach revises their model of the athletes and
the next plan.

5 Interrupted If a tool made the decision, the comparison has
little to teach.
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FIGURE 2  How coaching judgement is built, and where an AI plan can interrupt the loop. Source:
author's synthesis of Nash and Collins (2006) and Kahneman and Klein (2009).

The UK context makes this pressing. Sport England's coaching plan for 2017 to 2021
addresses a coaching workforce in which volunteers play a large part, and it sets out
to  make  coaching  more  responsive  to  participants  and  more  accessible  to  new
coaches.12 CONSENSUS  Volunteers have the least time to plan, which makes a quick AI
plan attractive, and many have little formal coach education to fall back on when the
plan is wrong. Whether that combination leads to wide substitute use is an empirical
question I cannot answer from published data. EVIDENCE GAP

AT H L E E T. A I  WO R K I N G  PA P E R  S E R I E S AU G M E N TAT I O N  A N D  E R O S I O N

The Coach in the Loop · Paper two of six 18



C H A P T E R  F I V E

The relationship and the
qualification
AI planning changes what athletes may believe about their coach
and what coach education must teach. Neither question has been
studied in sport.

The previous chapter considered the coach's own expertise.  This one turns to two
things that surround it,  the athlete's trust and the qualification system that forms
new coaches, and then to the harder question of responsibility.

5.1 What the athlete believes about the plan

Jowett's  co-orientation dimension concerns how far coach and athlete understand
each other's views and feelings.17 SCHOLARLY  A plan is partly a message within that
relationship. When an athlete receives a session, they may read it as evidence that the
coach has thought about them in particular. If the athlete suspects the session came
from a chatbot, that reading may weaken, and with it some of the commitment the
model describes. The athlete may also wonder whether the coach is able to explain
the session, and a coach who cannot explain a plan they did not write is in an awk-
ward position.

I have found no study in sport of how athletes respond to learning that a plan was
machine-generated.  EVIDENCE GAP  The question matters most in youth sport, where
the relationship does developmental work that goes beyond the training effect of any
session. I would welcome evidence either way. My working assumption, which I hold
loosely, is that disclosure paired with visible adaptation (the coach showing what they
changed and why) would preserve trust better than either concealment or unedited
use.

5.2 Coach education and the timing of AI

Abraham and Collins argued that coach education should develop decision-making,
since behaviour follows from it.15 PEER-REVIEWED  If  that is  right,  then the assessed
planning tasks in early qualifications are where judgement is first formed and first
examined. An AI-generated plan submitted for such a task would defeat its purpose,
much as a calculator defeats a test of mental arithmetic, because the thing being built
is the capacity the tool replaces.

AI still has a place in coach education. Coaches will use these tools whether or not
qualifications mention them, and they need to learn how to question AI output, spot
its  errors and adapt it  to a group.  My proposal  is  a sequence.  Early qualifications
should keep AI out of assessed planning while teaching its limitations explicitly, and
later qualifications should include AI as a co-planner under observation, where the
assessor can see how the coach challenges and edits the draft. ATHLEET.AI  I have found
no governing body guidance on this as of February 2023. EVIDENCE GAP
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Reflection offers a bridge between the two stages. A developing coach could be asked
to write a plan unaided, then generate one with a tool, and then explain in a short re-
flective note where the two differ and which they would run with a named group. The
exercise uses the tool to expose the coach's reasoning to scrutiny, and it gives the as-
sessor evidence of judgement that a finished plan alone cannot supply. ATHLEET.AI

5.3 Responsibility when the plan harms

Suppose the scenario had ended differently, and one of the returning athletes had ag-
gravated the knee problem. The question of who was responsible has legal dimensions
that this paper does not address and that clubs should take to qualified advisers. The
governance question is simpler and belongs to the club. A club that allows volunteers
to  use  AI  plans  with  young  athletes  should  know  that  it  does  so,  should  expect
someone with relevant knowledge to check those plans, and should be able to show
afterwards who checked them. ATHLEET.AI

The OpenAI release note acknowledged that its model can give confident answers that
are wrong.8 INDUSTRY  A plan that looks professional carries that same risk, and fluent
presentation may make the risk harder to notice, which is the pattern Parasuraman
and Manzey describe under automation bias.7 REVIEW  The club's safeguard is  the
coach's judgement, and the club therefore has a direct interest in whether that judge-
ment is being formed or bypassed. Whether insurers or governing bodies will begin
asking about AI use in session planning remains an open question.
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P A R T  T H R E E

Keeping the coach in the loop

Design principles, a staged approach to what tools may decide, and the ques-
tions that remain.



C H A P T E R  S I X

Keeping the coach in the loop
I propose four design principles and a staged approach in which the
share of the decision a tool takes grows with the judgement the
coach has shown.

The preceding chapters point towards a design stance. Tools used in coaching should
support the formation of judgement as well as its exercise, and the level of automa-
tion  should  fit  the  user.  What  follows  is  my  own  framework,  offered  for  testing.

ATHLEET.AI

6.1 Four design principles

The first principle is that a tool should show its reasoning. A plan that states its as-
sumptions about age, training history, recent injury and session aim gives the coach
something to check against what they know. A plan that states none gives them noth-
ing, and the opening scenario turned on precisely that absence. ATHLEET.AI

The second is that a tool should invite challenge. It can ask the coach what it does not
know, prompt them to name any athlete who needs a different load and offer altern-
atives in place of a single answer. Endsley and Kiris found that keeping the operator
more involved moderated the loss of awareness, which gives this principle some sup-
port by analogy.6 PEER-REVIEWED ATHLEET.AI

The third is that the coach remains the owner of the decision. The tool drafts or ad-
vises, and a named coach accepts, edits or rejects, with a record of what was changed.
Ownership is partly a matter of accountability and partly a matter of learning, since a
coach who has consciously accepted a plan has made a decision they can later learn
from. ATHLEET.AI

The fourth is that what the tool decides should depend on the coach's stage. Parasura-
man, Sheridan and Wickens showed that the level of automation can be set separately
for each function.16 PEER-REVIEWED  A coaching tool could apply the same idea to users,
offering  reference  and  adviser  roles  to  coaches  in  formation  and  co-planning  to
coaches whose judgement has been observed and assessed. ATHLEET.AI

1
Show reasoning

State the
assumptions
behind every plan
so the coach can
test them.

2
Invite challenge

Ask what the tool
does not know and
offer alternatives.

3
Keep ownership

A named coach
accepts, edits or
rejects, and
changes are
recorded.

4
Match the stage

Let the tool decide
more only as coach
judgement is
shown.

FIGURE 3  Four design principles for AI tools used in coaching. Source: author's framework.
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W H Y  N OT  A  B A N

A ban on AI planning would be
hard to enforce and would push
use out of sight. Tying permitted
roles to coach stages keeps use
visible and gives coach de-
velopers something to observe.

6.2 A staged approach for clubs and governing bodies

Principles need a structure to live in. I recommend that clubs and governing bodies
tie permitted AI roles to existing coach development stages.  ATHLEET.AI  A coach in
their first qualification would use AI as a reference and, under a mentor's eye, as an
adviser on plans they have drafted themselves. A qualified coach with some seasons of
experience could use AI as a co-planner, with the expectation that they can explain
every change they made to a draft. Senior coaches would decide for themselves, since
their judgement is the safeguard the whole arrangement relies on, though Parasura-
man and Manzey's finding that experts are also prone to automation bias argues for
periodic planning without the tool even at this level.7 REVIEW

No stage in this scheme permits the substitute role with young athletes. I hold that
line firmly, on grounds of safeguarding and of coach development together.

Mentoring could carry much of the weight here. A mentor who reviews an AI-assisted
plan with a new coach, asking what they would change and why, turns the tool's out-
put into a teaching object. Whether that works as well as planning from a blank page
is unknown, and it is the kind of question a small controlled study in a coach educa-
tion programme could answer. EVIDENCE GAP

6.3 Conclusion and open questions

Chat-based AI has arrived in coaching faster than coaching science has been able to
study it. The existing literatures on coaching expertise and on automation, read to-
gether, suggest a specific risk, one that attention to the quality of AI plans can ob-
scure. A tool that makes the planning decision may produce a good session tonight
and a weaker coach in five years, and the effect will fall hardest on developing and vo-
lunteer coaches, who most need the time the tool saves. The response I propose keeps
the coach as the decision owner, asks tools to show their reasoning and invite chal-
lenge,  and  ties  what  a  tool  may  decide  to  the  judgement  its  user  has  shown.

ATHLEET.AI

Several questions remain open, and I set them out as a list because each needs its own
study.

Should AI tools behave differently for a newly qualified coach and a Level 4 coach,
and who would verify which is which?

Can a tool be designed to teach judgement, for example by withholding its plan
until the coach has drafted one?

Do athletes, and the parents of young athletes, trust a coach less when they learn a
plan was AI-generated, and does visible adaptation change that?

Who is responsible, in governance terms, when a volunteer follows an AI plan that
injures a young athlete, and what records would a club need to show it acted
reasonably?

The last of these may be the one that moves fastest, since it is the one most likely to be
tested by an incident before it is tested by research. I would prefer the research to
come first, although the pace of the past three months gives little reason to expect it.

• 

• 

• 

• 
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